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A World of Unprecedented Change

Average lifespan of a company on S&P 500
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The Azure Data Landscape
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Solution Scenarios

Big Data & Advanced Analytics

s ROt

Modern Data Warehousing Real-Time Analytics Advanced Analytics

“We want to integrate all our data including ‘big "We are trying to get insights from our "We are trying to predict
data” with our data warehouse” devices in real-time, etc.” when our customers churn.”



Uses of Data

B AA Al

Data Engineering, Warehousing & Preparation
Dashboards and Reports

Detailed Statistics

Machine Learning

Deep Learning

Analyst Data Scientist
Data Engineer ML Engineer
Al Engineer




Modern Data Warehousing

The Modern Data Warehouse extends the scope of the data warehouse to serve "big
data” that is prepared with techniques beyond relational ETL.
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Modern Data Warehousing Real-Time Analytics Advanced Analytics

"We want to integrate all our data including ‘big "We are trying to get insights from our "We are trying to predict
data” with our data warehouse” devices in real-time, etc” when our customers churn.”



MODERN DATA WAREHOUSING

CANONICAL OPERATIONS

Load & Ingest Process

TRANSFER, STORE PROCESS, CLEAN SERVE, ANALYZE
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Real-Time Analytics

Real-time Analytics (aka Stream Analytics) is the phenomenon of processing data as
soon as it is generated, to derive very quick analysis/insight for timely action.

Modern Data Warehousing Real-Time Analytics Advanced Analytics

"We want to integrate all our data including ‘big "We are trying to get insights from our "We are trying to predict
data” with our data warehouse” devices in real-time, etc” when our customers churn.”



STREAMING

CONNECT, COLLECT, STORE

-CANONICAL OPERATIONS
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BIG DATA STREAMING
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DATA WAREHOUSING PATTERN IN AZURE
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Advanced Analytics

Advanced Analytics is the process of applying machine learning and/or deep learning
techniques to data for the purpose of creating predictive/prescriptive insights.

Modern Data Warehousing Real-Time Analytics Advanced Analytics

"We want to integrate all our data including ‘big "We are trying to get insights from our "We are trying to predict
data” with our data warehouse” devices in real-time, etc” when our customers churn.”



ADVANCED ANALYTICS-CANONICAL OPERATIONS

Data Acquisition | Modeling Deployment
& Understanding N

ACQUIRE, UNDERSTAND TRAINING, VALIDATION DEPLOY, INTEGRATE




ADVANCED ANALYTICS PATTERN IN AZURE

Performing data collection/understanding, modeling and deployment
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DEMO
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There are no right or wrong solutions,
only optimal solutions

We lead with certain solutions and
customise based on customer scenarios

Customer voice and product and service
maturity govern lead solutions

Consider price and performance, ease of
use, and ecosystem acceptance as factors

Everything is fluid - a lead solution today
might be non-optimal tomorrow, based on
the factors above and new releases



Decision Points
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PaaS

SaasS

Customer:

d Regionality

d VNET requirements
O Speed of business

d Data Volumes
4 Data Types

d Governance
d Team

3 Skills



Al Decision Tree



https://biz-excellence.com/2019/02/15/ai-dt/
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